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ABSTRACT Future-facing cities increasingly integrate smart and autonomous objects for their smooth
functioning and operations, which ultimately benefit city dwellers and the ecosystem at large. In such
highly complex and digital environments, the increased situational awareness is very important for the
safety of road participants. In this paper, we propose a new bandwidth-aware framework that maximizes the
situational awareness of a given region, using mobile digital boxes and 360° cameras, mounted on connected
vehicles, taking into account the constrained uplink capacity. The proposed framework leverages the multi-
view spectral clustering approach and the K-Means++ algorithms to ensure efficient clustering of vehicles
based on their GPS coordinates. The clustering step is crucial for larger spatial coverage and, thus, higher
situational awareness. Vehicle selection and video quality attribution, under limited uplink constraints,
are then performed per cluster to fairly cover the region. Extensive simulations and comparisons against
state-of-the-art solutions have been conducted to evaluate the performance of the proposed framework, in
terms of region coverage rate and normalized mutual information score, at both small- and large-scale
deployments. The results obtained demonstrate the superiority of the proposed approach.

INDEX TERMS Situational awareness, connected vehicles, multi-view clustering, digital twin, 360°

streaming, Dynamic Adaptive Streaming over HTTP, smart cities.

l. Introduction

MART Cities is a hot topic that is gaining ample traction

nowadays due to its wide impact on most aspects of
human life. It uses Information and Communication Tech-
nology (ICT) to improve the lifestyle of city dwellers and
protect the ecosystem while ensuring future sustainability.
To a greater extent, smart cities promise to address most
challenges of current cities such as crowded roads, preserve
energy, foster safety, reduce gas emissions, promote intel-
ligent transportation, and improve social life. The surging
number of people at an unbridled rate, especially in large and
dense cities accounting for most of the world’s population,
urges governments to harness emerging technologies in favor
of smarter and more connected cities. To do so, we need to
bridge the chasm between a gamut of essential smart services
and systems, where each has its own data sources.

A key feature of smart cities is that different objects
should be connected and have the ability to exchange infor-
mation with both infrastructure (e.g., edge and cloud) and
other objects via a variety of network technologies. A very
promising technology to achieve this lofty goal is the Internet
of Things (IoT) paradigm. It is a revolutionary technology
that empowers things with intelligence and ubiquitous con-
nectivity to the Internet, enabling physical objects to be
sensed and controlled remotely [1]. The abundant amount
of data generated from billions of IoT devices can be used
to create the digital twin of their corresponding physical
objects. By doing so, we are actually creating a virtual world
in cyberspace that reflects what is happening in the real world
[2]. The more diversified the deployed sensors, the higher the
accuracy of the digital twin environment. The collected data
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can be leveraged to monitor and analyze the physical asset,
ultimately improving its performance in different aspects.

One crucial aspect that is required in smart cities is the
per-object and per-region Situational Awareness (SA). It
heavily relies on both real-time and historical data from
the road’s participants. While the per-object SA aims to
raise the awareness of the road’s participants about their
surroundings, the objective of the per-region SA is to enable
the city authorities to keep an eye on the different streets
for enhanced safety. This is mainly achieved through live
video streams coming from the streets. In addition, recent
advances in integrated sensing and communication between
the so-called Internet of Vehicles (IoV) [3] pave the way for
more innovative combined solutions to address the recent
challenges of SA considering both video streaming and
advanced vehicle-to-infrastructure (V2I) communications.

In a previous study [4], the authors proposed to install
Digital Twin Boxes (DTB) to create the digital twin of the
roadways. Two types of DTB were proposed, namely static
and mobile, whereby static DTBs could be deployed on, for
instance, street and traffic light poles. However, this kind of
deployment is too costly and can only be applied in some
specific areas. Alternatively, mobile DTBs can be carried on
board moving vehicles, including cars, bicycles, motorcycles,
buses, and even Unmanned Aerial Vehicles (UAVs) [5]-[7],
with the vehicle owner bearing the purchase and maintenance
costs. These mobile DTBs will dynamically cover much
larger surfaces, thus increasing overall SA.

Focusing on ground vehicles, this paper investigates the
problem of increasing the SA for a specific region based
on video stream feeds, while optimizing its delivery under
constrained uplink capacity. The ultimate goal is to cover
the maximum surface of the area of interest (Aol) at op-
timal video resolution for better monitoring and computer
processing (e.g., for object detection and recognition). In
bandwidth-constrained scenarios, our solution ensures effi-
cient network utilization by preventing redundant streams
in densely covered areas, where additional streams offer
diminishing returns, in favor of giving room to other ve-
hicles in underserved or uncovered regions. This maximizes
situational awareness by preventing clustered vehicles from
exhausting the network bandwidth to cover an area which is
already covered by other streams. In this work, we consider
the use of the dominant video streaming technique, namely
Dynamic Adaptive Streaming over HTTP (DASH) [8]. The
motivation beneath DASH lies in its high adaptation flexi-
bility in response to varying network conditions at chunk-
level granularity. Also, in this work, we assume 360° video
streams to acquire scenes omnidirectionally [9], which would
allow us to disregard the vehicle’s heading direction in
the proposed solution. Ideally, all vehicles located in the
Aol would be allowed to stream at the highest resolution.
However, the generated traffic from a large number of active
live-streaming vehicles would create an uplink bandwidth
crunch, likely to severely deteriorate the user’s Quality of

Experience (QoE) [10]. This compels us to employ a control
mechanism that takes into consideration both the vehicles’
positions, for the SA, as well as the received video quality
from each vehicle to avoid overwhelming the shared link
which leads to overall QoE degradation. It is worth noting
that the live streams from a subset of selected vehicles
are transmitted to a remote center for an increased SA of
the targeted area, not for the operational functioning and
manoeuvering of the vehicles, which are basically performed
in the vehicles.

To confront the aforementioned challenges, we devise
an unsupervised learning approach, deployed on the server,
for efficiently clustering all the vehicles in a region with
respect to specific distance-based criteria. The design choice
is motivated by the nature of the addressed problem, which
compels us to address the trade-off between the optimal
area coverage and the bandwidth allocated to that area. Our
approach contributes to the preliminary phase of choosing
which vehicle will stream and at which video quality. After
that, computationally speaking, it would be more efficient to
perform the learning with relatively small “data islands” [11]
on limited computation resources and transfer the learning
parameters of the chosen individual vehicles to train a more
global model at the server side.

The remainder of this paper is organized as follows.
Section II presents the current status of machine learning
implementation in video streaming and situational aware-
ness problems in the recent literature. Section III formu-
lates the target problem introducing basic notions towards
the suggested solution. Section IV describes the proposed
framework of our solution to the joint optimal situational
awareness and bandwidth allocation problem. Section V
evaluates and compares the performance results of our so-
lution against previous work in different scale scenarios and
our conclusions are given in Section VI.

Il. Related Work

A crucial requirement of smart cities consists of maintaining
a high level of awareness of their environment for a timely
reaction when necessary. This can be achieved by creating
the digital twin of the roads by deploying different sensors
not only at the strategic spots of the roads but also along the
ways and streets. While the strategic spots can be covered
with static poles (e.g., on top of traffic lights or roadside units
RSUs), the other segments of the roads, which constitute
the majority, can be covered using moving vehicles such as
cars, bicycles, buses, and trains. A highly important sensor
that has been always used for monitoring is traditional video
streaming. The use of 360° video streams would offer better
awareness by capturing spherical streams per camera [12].
In addition, the use of VR devices, such as head-mounted
displays (HMDs), would ease the monitoring task. However,
due to resource limitations (e.g., uplink limitation) and
unnecessary content redundancy, it is not possible to allow
all existing video sources to stream, especially in highly
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dense areas [13]. Hence, a video source selection process
should be employed. In recent years, machine learning (ML)
techniques have proved to be highly efficient in making in-
telligent decisions for various complex problems in different
domains including vehicular communications [14], which
motivates us to leverage them in this work. In this section, we
review previous work related to digital twinning, 360° video
streams, and machine learning applications in the context of
situational awareness.

A. Digital Twins

Digital twins are a popular technology that progressively
integrates recent advancements in the IoT and ML scientific
fields for the optimal representation of a physical asset to its
virtual prototype in the digital world. In the framework of
Industry 4.0 objectives, this kind of technology was initially
deployed for manufacturing and product development cases
as well as for their life cycle assessment and monitoring [15].
Recently, there have been many efforts in both industry and
academia on the scalability of the digital world representa-
tion of more complex systems like smart cities and supply
chains. In the context of smart cities, this technology enables
data collection from various sources. In sequence, it will
enable extensive and sophisticated simulations of urban pro-
cesses for creating social and economic benefits [16]. As a
result of this direction, multidimensional aspects and deeper
insights can be better exploited for decision-making across
multiple interests, including real-time situational awareness
of the system, multilateral insurance schemes, disaster man-
agement, and strategic planning [17].

In the agricultural field, specifically in aquaculture farm-
ing, the authors of [18] propose a new framework for Plan-
etary Digital Twin to monitor, simulate, and control aqua-
culture processes in nearly real-time, ultimately to support
and foster the AquaGreen goals. In the proposed framework,
traditional IoT devices are used, while Al-based models are
employed to detect and control water anomalies through
a closed-loop feedback framework. Using IoT devices and
cloud computing services, the authors of [19] propose an
end-to-end system architecture and implementation for envi-
ronmental monitoring, particularly carbon dioxide concentra-
tion. In [20], the author addresses the problem of processing
real-time data collected from various systems in the Smart
City. A large-scale data processing architecture and proof-
of-concept implementation have been proposed for public
transport systems to achieve this goal. This architecture
monitors multiple activities of different actuators in the
Smart City, creates their Digital Twin, processes the large-
scale data to understand the current state of the city, and
ultimately produces actions to be executed in the physical
space. In addition, machine learning models are used to
restrict the amount and type of processing.

B. DASH-based 360° Video Streaming
Nowadays, 360° streaming is a hot topic due to the vivid
user experience that it offers clients, especially when it is
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viewed through HMDs. Initially, its use has been mostly in
gaming, but it has rapidly expanded to various other domains
such as education and healthcare. However, this technol-
ogy has been suffering numerous hindrances at different
levels, including acquisition, transmission, and display. The
phenomenal technological advances at both the hardware
and network levels have paved the way for 360° stream-
ing technology to be increasingly adopted by both content
producers and consumers. For example, the 5G breakthrough
in link capacity and lower latency and the various network
slicing frameworks [21], [22] shall enable the end-users to
enjoy such immersive and bandwidth-hungry service in both
shifted and live modes [23], [24]. This paper focuses on
using 360° streaming for digital twinning the roads, which
can be used for limitless purposes such as increasing the
situational awareness of a specific environment through live
and shifted roads’ monitoring applications. For aerial video-
based surveillance and awareness, we refer the reader to [25].
This section describes previous work leveraging 360° video
streams for monitoring purposes as well as pull-based 360°
streaming techniques. The latter exhibits high flexibility in
controlling who can stream and at which video quality based
on many factors such as the busyness of the roads and the
uplink capacity [26]. This flexibility stems from the pull-
based paradigm of the DASH technology which enables a
content producer to intelligently control the encoding rate
based on the link variation.

An AQ360 system is proposed in [27], which relies
solely on 360° streams captured by unmanned aerial vehicles
(UAVs) for monitoring air quality. The reason for using
UAVs is that they are able to provide images with greater
depth, which is not possible with ground-based images due
to obstacles. The authors also proposed a location selection
algorithm that reduces system energy consumption in large-
range areas. The evaluation of the proposed method shows
that it achieves high accuracy by using a pre-trained infer-
ence model on small data sets while it consumes less energy
in larger areas.

In a similar vein to traditional streaming, 360° video
content can be delivered over the network via different low
latency protocols such as Real-Time Messaging Protocol
(RTMP), Real-Time Streaming Protocol (RTSP) [28]-[30],
WebRTC, as well as the universal HTTP, using DASH [8] in
all its variants. Despite the fact that DASH exhibits higher la-
tency compared to the aforementioned protocols, as its name
indicates, it offers the advantage of being much more flexible
for adapting the video quality to changes in conditions
such as fluctuating network and server workloads. There is
however a need to amend the MPEG-DASH specifications
to consider the spatial representation proposed in [9], [31]-
[33] in order to support tile-based streaming, where the tiles
within the active viewport are delivered at higher quality,
while the rest are delivered with a lower quality to reduce
the bandwidth usage.
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C. Machine Learning Techniques for the Situational
Awareness

Situational awareness is defined as the current perception
of the environment or system status with predictive ca-
pabilities referring to future system states. Based on our
application-specific scenario and setting, the system refers
to a particular area including the passing-by vehicles and
its road infrastructures. In this study, machine learning
will contribute to the required SA of our system with the
clustering of vehicles in a specific Aol and their subsequent
approximate selection based on clustering properties. Some
research studies with relevant machine learning applications
in SA-oriented problems were recently presented in the
relevant literature. A recent study in [34] presents a solution
to mitigate the effects of adverse weather conditions that
worsen traffic for vehicles by introducing a dual attention-
and dual frequency-guided dehazing network for immedi-
ate visibility improvement. Their model uses an attention
mechanism and an innovative frequency-related information
fusion strategy to extract both general and local features,
ensuring the recovery of clear high-frequency patterns and
fine low-frequency details. In [35], the author presents the
use of knowledge graphs for learning the representations of
objects while preserving the required system information.
With the use of path-based embeddings and graph neural
networks, a joint object representation learning from multiple
entities is experimentally achieved. In [36], the authors
present deep learning techniques using multi-modal informa-
tion from imagery, text, video, and other sensor sources for
extending situational awareness performance. Deep Multi-
modal Image Fusion is selected as the most promising
approach for distance-based system performance modeling.
In [37], a serverless computing approach for multimodal
computing is presented that enables the effective use of
neural networks and machine learning approaches in relevant
situation awareness implementations. Recently, the authors
of [38] proposed an innovative framework that combines
360-degree video streaming with graph neural networks to
create a road digital twin with enhanced predictive situational
awareness capabilities for intelligent transportation systems.

D. Multi-view K-Means and Spectral Clustering

The traditional single-view K-means clustering is a centroid-
based clustering method, which partitions the data space into
a structure. Due to its low computational cost and easily par-
allel process, the K-means clustering method has often been
applied to solve large-scale data clustering problems [39].
A usual challenge is when the data needs to be interpreted
and represented by multi-view aspects. To overcome this
challenge, a group of unsupervised multi-view clustering
methods have been presented in the literature [40]. Although
these methods can achieve interactions between heteroge-
neous features, there are still some problems regarding high
computational complexity or the curse of dimensionality.
Spectral clustering is also one of the most commonly used
clustering methods due to its clear mathematical principles

and good performance compared to other clustering methods.
Multi-view clustering is a special clustering subcategory in
the relevant literature that mainly refers to the partitioning
of data considering multiple views, where the information
from the individual views can be used together for more
efficient cluster creation and visualization. These views may
of course come from different sources or correspond to
subsets of the same underlying feature space. To exploit
the diverse and complementary information contained in
different views, numerous multi-view clustering methods
have been proposed [41]-[43]. To this end, multi-view spec-
tral clustering aims to group data into different categories
by optimally exploring complementary information from
multiple Laplacian matrices.

In this paper, we propose a new framework that maximizes
situational awareness in urban areas using DASH-based 360°
live streams while preserving the overall users’ QoE. The
live streams originate from mobile DTBs onboard various
vehicle types (e.g., cars, bicycles, etc.). The motivation
behind opting for 360° is the spherical Field of View (FoV)
which offers better awareness of the target area. The DASH-
based streaming offers great flexibility in switching between
different video qualities. In addition, it makes it easy to
dynamically enable/disable the different DTBs, based on
their GPS locations and the vehicular density of the area,
at short time scales. It is worth noting that, in this work,
we consider only the case of outdoor vehicles moving in
urban areas without any specific restrictions to their GPS
availability on the system.

For the efficacy of our solution to the problem of optimal
bandwidth allocation with situational awareness constraints,
we leverage ML techniques, namely the multi-view Spectral
and K-Means clustering algorithms for the approximate
optimal coverage of the Aol. It is noteworthy to mention
that the choice of the specific algorithms is based on their
performance advantages compared to other clustering algo-
rithms and refers to the nature of our research problem [44].
Moreover, the multi-view aspect has a double advantage in
the nature of our problem, as it can be shown to lead to better
algorithmic performance with less computational complexity.
This is further enhanced by dividing the Aol into smaller
subdomains during the actual multi-view clustering process.
The novelty of this work lies in its significant contribution to
the situational awareness goals and requirements for future
smart cities and their corresponding digital twins with the
implementation of combined machine learning algorithms
for joint near-optimal coverage and bandwidth allocation. To
the best of our knowledge, this is the first work to address the
specific problem of maximizing situational awareness using
machine learning techniques.

lll. Problem Formulation

The objective of this work is to maximize the situational
awareness (SA) of a specific region R. To better evaluate
the covered region R, we virtually divide it into N smaller
circular and adjacent subareas R = fR1;R2; Rng of
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identical radius r. The center of each subarea Ry, is denoted
by n representing the global positioning system (GPS)
coordinates. Each subarea R, n 2 [1;N], contains a
number of vehicles that might be equipped with mobile
DTBs. We denote by D" = fD';D}; Dg,0 the set of
available DTBs in a subarea R,, where M denotes the
number of DTBs in a subarea. Each DTB D}, n 2 [1; N],
m 2 [1; M], has a specific GPS coordinate G[J,. We denote
by G" = fGT'; GJ; G, the set of latest GPS coordinates,
of a given snapshot of the system, corresponding to the set
of DTBs D" co-located in the same subarea Rp,.

In this work, we consider 360° video cameras capable of
streaming a spherical view of the environment. For compu-
tational and demonstration reasons, we assume the cameras
can have different values of lens focal length (LFL) L 2
(r=4;r). It actually represents the distance ahead it could
cover. These cameras stream live using DASH technique at K
predefined video qualities Q = fQ1;Q2; Qk0;Qk:k 2
[1; K], where Q; and Qg represent the lowest and highest
video qualities, respectively. We denote by Ijl}] 2 Q the
actual video quality selected by the mobile DTB Dy},. We
also denote by B the total uplink bandwidth available in the
whole region, where B" denotes the fair bandwidth budget
allocated to a subarea Rp,.

We define the matrix P" that refers to all the distances
among the different DTBs co-located within the same sub-
area Rp,, where both the rows and columns represent the
DTBs D" available in R,. The matrices P™;8n 2 N are
pre-calculated, based on the latest GPS coordinates GJ}, of
each DTB DJ},, and provided as input to the system, where
the cell values P"[i;j];8i;j 2 M contain the distances
between the DTBs D{' and Dj'. Obviously, the distance
between the D; and itself is always 0, i.e.,

8i=j;8i;j 2[1;M];P"[i;j]=0 (D)
We also define a 1-dimensional matrix T", n 2 [1;N],
per each subarea Ry, to store the distances between all the
DTBs in D" and the center of the subarea . We denote by

jiDM, nii, the Euclidean distance between the m-th DTB in
the n-th subarea and the center |, of the subarea Ry, i.e.,

8n2[1;N];8m 2 [1;M];T"[m] =jjDg, njj (2)
We ensure that the minimum coverability of a region Ry, by
a DTB Dy}, is satisfied when:
iDm nli
We also denote by C" = fC';C5; C[ig the set of the
computed clusters from the set of DTBs D" in the subarea

Rp, where each cluster C'; h 2 [1; H] contains a non-empty
and disjoint subsets of DTBs, i.e.,

8h2[1;H];Cc? D" 3)

8h 2 [1;H];C & ; )
r

8n2[1;N]; Cch=D" )
h=1
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8h & v;8h;v2[1;H];CH\C]=; (6)

Similarly, we denote by &R the centroid of the cluster C.

In this work, we aim to enhance situational awareness in a
region (a.k.a. the area of interest) by covering the maximum
surface of that area with the FoV of the DTBs’ cameras,
while taking into account the number of video sources and
the user’s QoE. Due to the limited uplink capacity B and to
preserve the QoE from degradation, only a subset of DTBs
SM D" (called active DTBs) should be allowed to stream,
where the DTB selection process uses their actual GPS
coordinates G". In addition to the DTB selection process,
a subsequent video quality identification process is also
performed to assign a video quality lj}r}1 2 Q to each
DTB in S". Figure 1 helps understand the main notations
and concepts used in this section. The maximization of
road situational awareness will then be addressed with the
framework proposed in Section IV.

M/@\M
\/ \/ﬂ'ﬁ\

w—» .,

FIGURE 1. Cluster selection based on the distance to the center of the
subarea.

IV. System Design and Proposed Framework

In this paper, we address the problem of maximizing the
situational awareness of a given environment by creating
its digital twin that mainly uses live video streams. Specif-
ically, we target the creation of the digital twin of the
road’s infrastructure using 360° live streams. This can be
achieved by deploying DTBs composed of single onboard
computers, with different processing capabilities, that are
equipped with various sensing devices such as cameras and
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GPS devices [4]. Two types of DTBs are identified, namely
static and mobile. In the present study, we primarily focus
on the selection of mobile DTBs that are mounted onboard
moving vehicles such as cars and buses. In dense areas
(e.g., downtown), a potentially large number of connected
vehicles will simultaneously livestream to create a digital
twin of roadways, which would lead to a bandwidth crunch.
A more critical situation might arise when 360° live streams
are delivered, where very high frame rates and ultra-high def-
inition are used. The dynamic vehicle selection and flexible
video quality allocation are therefore necessary to cope with
the coverage maximization across regions while considering
the uplink capacity limitation. The objective of this work
is to dynamically select relevant vehicles that allow better
coverage of the targeted region while taking into account
the limited uplink capacity B and preventing video stalls.
The key innovation of our study lies in the novel algorithm
we have developed, which simultaneously achieves two key
objectives: (1) maximizing situational awareness through
optimal selection of geographically distributed vehicles using
advanced clustering techniques, and (2) enhancing the video
quality per region while ensuring fair bandwidth allocation
across different regions. This is achieved through the de-
velopment of road digital twins [4] based on distributed
360° video streaming sources for optimal area coverage
considering video quality requirements. Optimal area cov-
erage is necessary to maintain the integrity of digital twin
services, while the allocated video quality directly impacts
their performance and enables additional functionalities such
as object detection tasks. Unlike previous works that focus
solely on video streaming or machine learning clustering
algorithms, our solution innovatively combines state-of-the-
art clustering and adaptive streaming techniques (DASH),
carefully selected and integrated to effectively address the
challenge of enhancing situational awareness in smart city
environments under contrained network bandwidth.

A. Architecture Description

Figure 2 illustrates the overall architecture of the proposed
situational awareness framework at a given region in the
presence of a limited shared uplink B for the entire region.
In this work, we use 360° video streaming as it provides
a spherical view that enhances flexibility while monitoring
via HMD. Furthermore, it will reduce the complexity of
the SA maximization problem when it comes to vehicle
steering. As shown in Fig. 2, the red circles represent the
spherical field of view of the 360° cameras, while the yellow
vehicles represent all connected vehicles (e.g., autonomous
vehicles or legacy vehicles equipped with DTBs) that are
capable of sending 360° live streams, whereas the rest are
conventional vehicles. The 360° live video streams are sent
to a control center where surveillance operators can monitor
the roads using either legacy monitors or HMDs to enable
enhanced monitoring flexibility. In order to reduce the end-
to-end (E2E) latency, the 360° video streams are primarily
viewed at a local control center, if one is available, through

multi-access edge computing (MEC) servers that are located
in close proximity to the Aol [28]. In case there is no
local control center available, live streams are sent to cloud
servers, so a remote control center can perform surveillance
through the cloud. In what comes next, we describe the
main phases of the proposed framework to maximize the
SA of the covered region, while shielding users’ QoE from
degradation. It is noteworthy that we interchangeably use the
terms vehicles and DTBs since we only consider connected
vehicles in this work.

B. Divide the Aol into Smaller Subareas

To efficiently measure the coverage of the entire region,
we divide the Aol into smaller circular subareas, as shown
in Fig. 1, where the radius equals the double of the lens
focal length L of the camera. The clustering of the DTBs
belonging to each subarea is then performed separately from
the others, and the aggregated individual results provide
coverage of the entire global area. The number of circular
subareas can be configured and adapted to any size of the
Aol according to its density and the number of obstacles.
Intuitively, in urban areas where too many obstacles and
buildings exist, a smaller value of L would be more appropri-
ate and vice versa. It is worth noting that the clustering step
works well for the entire region without any consideration
for logical divisions. The latter only helps in assessing the
coverage rate of the Aol and reduces the computational
complexity of the clustering algorithm in large-scale cases.

C. Clustering
In order to achieve the best possible coverage of the Aol
without compromising the video streaming QoE of the users
at the control center, only a subset of DTBs should be
allowed to live stream. Owing to the fact that adjacent and
nearby vehicles would stream duplicate scenes, especially
when a spherical view is delivered, it would be more efficient
to select video sources whereby scenes do not overlap with
each other. To do so, we cluster existing vehicles, based
on their actual GPS coordinates, and group all geographi-
cally close-by vehicles together because they would stream
similar scenes. It is worthwhile mentioning that clustering
is performed within subareas, not for the entire region. In
what follows, we describe the different unsupervised learning
algorithms that are used to produce better clustering results.
As a first step, we use the Elbow [45] method to determine
the optimal number of clusters (Line 8 in Algorithm 1).
Next, we employ the Density-Based Spatial Clustering of
Applications with Noise (DBSCAN-CORE) algorithm [46]
ultimately to identify the core samples of high density (i.e.,
dense areas of vehicles) and the outlier vehicles, correspond-
ing to the two subsets A and B in Algorithm 1, respectively.
The next step (Line 10 in Algorithm 1) consists of clustering
the vehicles in subset A (i.e., dense areas) using the one-step
multi-view spectral clustering approach [47]. The clustering
step is guided by the input from the Elbow method to
produce clusters. Two different views are identified:
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